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Lung cancer in never-smokers (LCINS) is one of the leading causes of cancer patient deaths in the United States. Unlike lung cancer onset by

cigarette smoking, LCINS is not as readily understood and research on the subject has been conflicting. Thus, early diagnosis and prevention are A |nCO me
key in reducing mortality among LCINS patients. In this study, the Prostate, Lung, Colorectal, and Ovarian (PLCQO) dataset containing more than ge
155,000 participants and more than 36,000 never-smokers with LCINS was analyzed using R and Excel software to determine risk factors and
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. The incidence of lung cancer across all major races and income t-critical value 1.65 values greater than 0.05 from logistic The results indicate that age and race are the most important factors in LCINS patient incidence.
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METHODS g C > However, t-tests and ANOVA tests can be used in conjunction with logistical regression to corroborate evidence
= 07 > o 1—White with t-values or p-values.
= C _ i . . . . .
Software: 2 00 ER 2A m;'ii‘:r(] or African The implications with the results of this study:
: 2 oa g = 3 — Hispanic » A machine learning model for LCINS diagnosis could be developed by accounting for major risk and
R E g; = 4 —Asian epidemiology factors with differing weights.
@ 0. — Native Hawaii i i i i
S 01 3 384 g ) Otﬁ;'rvs Nl > It allows doctors to identify key target populations who are susceptible to LCINS and educate them for early
= - o - o - 2 O . "
R is a versatile open-source platform that can help run more advanced statistical models and techniques such as partial least-squares regression and logistic regression. g ’ White  Black Hispanic  Asian  Native American Missing % Islander _ _ preventl_on_ or symptom recognition. _ _
Furthermore, it can create easy-to-customize plots that visualize statistical results effectively. Furthermore, it can manage large amounts of data in forms of arrays, = Hawaiian Indian or 2 8 6 — American Indian » The statistical methods used to analyze the PLCO dataset can be applied to other datasets where the outcome is
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the study. This resulted in a total of 36,335 participants being analyzed. Each nonsmoker was then designated either 0 for no LCINS or 1 for LCINS. The proportions WMo TCING  m I CING
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data was imported into R and analyzed with logistic regression and ANOVA testing.
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