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Scalable GUI Design for EEG Analysis Diagnostic Capabilities of Semiology

* Epilepsy affects a large population and is a  Python- widely available *  While spike detection through EEG data analysis is essential, overreliance on presence
major cause of disability * Libraries- no external package required of interictal spikes for diagnosis of epilepsy can be sub-optimal

* EEG data is crucial to diagnosing epilepsy - tkinter, seaborn/matplotlib, numpy/pandas * Patient semiology can be used to help classify PNES vs. ES through NLP methods

* Manual review process of EEGs can be - Custom module to access ieeg.org * Certain signs useful for distinguishing, but no single sign exclusive
time-consuming and error-prone Goals Goal

A scalable GUI can streamline the manual * Efficient data visualization, multiple dataset handling, intuitive Ul * Explore use of semiology to predict epilepsy or its absence
annotation process of EEG data * Automatic annotation organization, collaborative annotation support
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