Pediatric Automatic Defacing to Protect Patient Privacy
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Develop a pediatric specific defacing technique using a nnU-Net: a deep learning model used for imaging data
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« Deep learning will create a more generalizable defacing * Visually the model is performing very well and generates
model than the mathematical algorithms currently available accurate facemasks according to median dice similarity score
. Model will better adapt to rapid development of brain Akl J « Low outlier dice scores were a result of manual edits made to

structures that occurs in pediatric scans and account for e facemasks rather than an indication of an inaccurate model

different MRI types Next Steps

Results Find new method of evaluating model performance

* Modify training data to improve model performance
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